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MULTIFUNCTIONAL TEAM

Each Crew has the
necessary players to
move from question to

insight in a single sprint.
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ANALYTICS

Elastic Crew

i

AUTONOMOUS

Whether you have an
existing team or not, a Crew
works autonomously to
solve whatever data prob-
lems you assign to it.

SCALABLE

Scale to answer all of your
data requirements by
adding additional Crews.



SUPPLEMENT YOUR TEAM

Increase your delivery
capacity without adding
fulltime resources.
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Elastic Surge

O

SEMI-PERMANENT

Designed as a long-term
enhancement to
organizations with
functioning teams.

RESPOND T0 DEMAND

Be more responsive to user
demand: increase in size,
swap out functional roles, or
simply add a new technical
skill for a few sprints.
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Technologies We Use

Data Warehouse Analytics Data-engineering & ETL
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“There’s a multitude of reasons why complex
pieces of software are not developed using drag
and drop tools: it’s that ultimately

there is for software.”

Maxime Beauchemin, The Rise of the Data Engineer, Jan 20, 2017
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What’s so

z different
© about
ETL?
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Code

Source control
Cl/CD
Collaboration
Code anywhere

Clicks

Faster

Easier to start
Any discipline
Business friendly
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ORACLE" SQL Developer

Navigator ~ Workst > (@

EDW v
Tables v
Search... ol

» B8 CUSTOMER

» BE5 SECURITY

» B5 TRADE

» B8 TRADE_FACT
» B2 TRADE_TYPE

Home Worksheet Data Modeler
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1 SELECT

2 SYMBOL,

3 INDUSTRY,

4 SECTOR,

5 MARKET CAP,

6 IPO_YEAR

7 STATUS

8 TIER,

9 STATE

10 COUNTRY,

1 ACCOUNT TAX_STATUS,

12 ZIPCODE,

13 CITY,

14 TRADE_DT,

15 TRADE_TYPE_NAME,

16 QUANTTTY,

17 TAX,

18 BID PRICE,

19 FEES,

20 COMMISSION,

21 TRADE_PRICE

22 FROM

23 EDW. TRADE

24 JOIN EDW.CUSTOMER USING ( CUSTOMER_ID )
25 JOIN EDW.TRADE_TYPE USING ( TRADE_TYPE_ID )
26 JOIN EDW.SECURTTY USING ( SECURITY_ID J;

Query Result  Script Output ~ DBMS Output  Explain Plan  Autotrace

W @ [4 Download v

symbol industry sector
1 ALIM Major Pharmaceu...  Health Care
2 KFRC Professional Servi... Technology
8 JASO Semiconductors Technology
4 WYIG Business Services Finance

SQL History

market_cap
$91.32M
$440.46M
$407.22M
$62.15M

ipo_year

2010
11995
2007
2015

R ADMIN v
6 @
©)
status tier
Completed
Completed
Completed
Completed
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CREATE OR REPLACE VIEW stage.promotions_vw
AS
SELECT promo_id,
promo_name,
promo_subcategory,
promo_begin_date,
promo_end_date,
time_id status_date,
status,
weekday_flag
FROM ( SELECT time_id,
CASE
WHEN day_name IN ('Saturday', 'Sunday') THEN 'N'
ELSE 'Y'
END weekday_flag,
promo_id,
MAX(promo_name) OVER (partition BY promo_id) promo_name,
MAX(promo_subcategory) OVER (partition BY promo_id) promo_subcategory,
MAX(promo_begin_date) OVER (partition BY promo_id) promo_begin_date,
MAX(promo_end_date) OVER (partition BY promo_id) promo_end_date,
nvl(status, 'ongoing') status
FROM stage.promotions_stg partition BY (promo_id)
right outer JOIN sh.times
ON time_id=status_date)
WHERE time_id BETWEEN promo_begin_date AND promo_end_date

@redpilla https://www.rittmanmead.com/blog/2009/04/using-a-partition-by-join-to-fill-in-the-gaps
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mapping.create( 'MY_PROJECT', 'DEMO_FOLDER', 'EMPLOYEE_DIM_LOAD")

.datastores(|

[name: "HR.EMPLOYEES"],

[name: "HR.DEPARTMENTS"],

[name: "HR.JOBS"],

[name: "PERF.D_EMPLOYEE", integration_type: "SCD"],
1)
.select("EMPLOYEES")
.filter( 'NAME_FILTER', [filter_condition: "EMPLOYEES.FIRST_NAME LIKE 'D%'" 1)
.join('EMP_DEPT', ['DEPARTMENTS'],

[join_condition: "EMPLOYEES.DEPARTMENT_ID = DEPARTMENTS.DEPARTMENT_ID" ])
.join( 'DEPT_JOBS', ['JOBS'],
[join_condition: "EMPLOYEES.JOB_ID = JOBS.JOB_ID" ])

.connect("D_EMPLOYEE",

[[ attr: "employee_id", key_indicator: true ],

[ attr: "eff_from_date", expression: "sysdate", execute_on_hint: "TARGET"],

[ attr: "eff_to_date", expression: "sysdate", execute_on_hint: "TARGET"],

[ attr: "current_flag", expression: 1, execute_on_hint: "TARGET"],
[ attr: "surr_key",
expression: " :RM_PROJECT.D_EMPLOYEE_SEQ_NEXTVAL",
execute_on_hint: "TARGET"],])

.commit()
.validate()

https://www.rittmanmead.com/blog/2017/03/accelerating-your-odi-implementation-rittmanmead-style/
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INSERT INTO AIF_TARGET_APPL_PROPERTIES ( APPLICATION_ID
,PROPERTY_TYPE
JPROPERTY_VALUE
JPROPERTY_VALUE_ID
)
SELECT
#FDMC.p_application_id
Jv.LOOKLP_CODE
Jv.ATTR2
-1
’
FROM AIF_LOOKUP_VALUES Iv
LAIF_LOOKLP_TYPES It
WHERE It.LOOKUP_TYPE ='APPL_PROPERTIES_' #FOMC.p_tat_con_opr '#FDMC.p_apolication_type'
AND Iv.LOOKUP_TYPE_ID = It.LOOKUP_TYPE_ID
AND Iv.ATTR2 IS NOT NULL
AND NOT EXISTS ( SELECT 1
FROM AIF_TARGET_APPL_PROPERTIES
WHERE APPLICATION_ID = #FDMC.p_application_id
AND  PROPERTY_TYPE =Iv.LOOKUP_CODE )
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| would write this.

SELECT first_name,
last_name,
email,
phone_number,
hire_date,
job_id,
manager_id,
department_id,
salary,
commission_pct,
eff_from_date,
eff_to_date,
current_flag

FROM EMPLOYEES

JOIN DEPARTMENTS using (DEPARTMENT_ID)

JOIN JOBS using (JOB_ID)
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Navigation

Installation

Quick search

StreamSets SDK for Python

The StreamSets SDK for Python enables users to interact with StreamSets products pro-
grammatically using Python 3.4+. As an example, with a running instance of Stream-
Sets Data Collector, you can create and import a functional pipeline in less than 10 lines
of code:

from streamsets.sdk import DataCollector

server_url = "http://localhost:18630"'

data_collector = DataCollector(server_url)

builder = data_collector.get_pipeline_builder()

dev_data_generator = builder.add_stage('Dev Data Generator')

trash = builder.add_stage('Trash')

dev_data_generator >> trash # connect the Dev Data Generator origin

pipeline = builder.build('My first pipeline')
data_collector.add_pipeline(pipeline)

The resulting pipeline can be examined by opening the StreamSets Data Collector user
interface and selecting the My first pipeline pipeline:

{Qg‘, StreamSets

Pipelines / My first pipeline

Dev Data Generator Trash 1
1

@stewartbryson



from streamsets.sdk import DataCollector
server_url = 'http://localhost:18630"
data_collector = DataCollector(server_url)

builder = data_collector.get_pipeline_builder()
dev_data_generator = builder.add_stage('Dev Data Generator')
trash = builder.add_stage('Trash"')

dev_data_generator >> trash # connect the Dev Data Generator origin

pipeline = builder.build('My first pipeline')
data_collector.add_pipeline(pipeline)
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We aren’t starting with a slate.
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Your Existing Data Lake
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Azure Data Lake Storage

S3

Analytics
— and Machine
Learning
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Bob’s Dev Environment

Cluster

Notebooks Libraries
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Charlie’s Dev Environment
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Demonstration
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