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Obtenir de la donnée

L3 Traiter la donnée

A , . . . .
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Peut dépendre du type de modele ou donnee manipulee
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% \_E NOTEBOOK https://github.com/eleapttn/nemo-notebook

\-;APP - https://github.com/philippart-s/nemo-streamlit-front
https://github.com/philippart-s/nemo-flask-back

UIEI_ UES DO[S - https://docs.ovh.com/gb/en/publiccloud/ai/
Q * https://blog.ovhcloud.com/tag/ai/

% QU H_Q U ES [X[M PLES " https://github.com/ovh/ai-training-examples/
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tFERENCE

TensorFlow : https://www.tensorflow.org/guide?hl=1r

-

JupyterLab : https://jupyter.org/

Pandas : https://pandas.pydata.org/

Sklearn: https://scikit-learn.org/stable/

Numpy : https://numpy.org/

Matplotlib : https://matplotlib.org/

Dataset des sons de mammiferes marins : https://www.kaggle.com/datasets/shreyj1/29/best-of-watkins-marine-mammal-sound-database
Informations sur la dataset : https://cis.whoi.edu/science/B/whalesounds/index.ctm

Classification de musique avec un CNN : https://blog.clairvoyantsoft.com/music-genre-classification-using-cnn-ef94601553/26
Classification des genre musicaux: https:;//towardsdatascience.com/music-genre-classification-with-python-c/14d032f0d8

Pré-traitement des données en Machine Learning : https://towardsdatascience.com/introduction-to-data-preprocessing-in-machine-learning-a9fa83a5dc9d
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